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Fig. 6: Autocorrelation of the joint angles’ time series data across 50 time lags. The joints shown in the picture gn2, gv2, qv3
correspond to the second horizontal joint and to the second and third vertical joints. The autocorrelation is calculated for 50
time lags corresponding to the time instant used to calculate the predictive information (7 = 50). The first score is omitted
as it autocorrelates the timeseries with itself, so it provides no useful information.
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